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Back-of-the-Envelope Problems

Scientists can occasionally be found scribbling calculations for 'back-of-the-envelope'

problems (BEP). These are rough computations often performed on envelopes or other scraps

of paper. Usually these problems, sometimes called 'order-of-magnitude' problems, involve a

series of estimations. Several well-known examples, attributed to Enrico Fermi, are "How

many piano tuners are there in New York City?" and "How much does a watch gain or lose

when carried up a mountain?" A more practical type of problem, though in a similar vein, is

encountered by an engineer who computes a rough estimate to determine the feasibility of a

proposed design.

The arithmetic involved in back-of-the-envelope calculations is usually quite simple.

The difficult part seems to be retrieving the necessary facts from memory or estimating them in

some reasonable way. It is also necessary to know where to make rough estimates and where

more accurate data is needed in order for the calculation to be useful. This information should

also feed into a hypothesis of the probable magnituae of error in the final answer.
-,b -,,

Morrison (1963) feels that these questions draw upon a deep understanding of the
world, everyday experience, and the ability to make rough approximations, inspired guesses,

and statistical estimates from very little data. The skill derived from answering this type of

question is proffered as good apprenticeship to research. Morrison suggests that back-of-the-
q.- t

envelope problems cultivate an ability which is as valuable as the more formal sort gained from

standard classroom instruction. In addition, he feels that back-of-the-envelope problems of

varying difficulty can be used at many levels of education.

Back-of-the-envelope problems seem to be part of the culture of several disciplines and
S"- are intuitively felt to provide a valuable skill. This belief, however, has remained intuitive. The

i.,, ",
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reasons why back-of-the-envelope problems foster competent problem solving, or if indeed

they do, has remained unexplored. As a first ztep in the investigation of this issue, the structure

of these problems and the processes used to solve them will be analyzed. A model of expert

solution processes on these problems will then be proposed. This model will be used to

support inferences about the organization of necessary expert knowledge structures. This

should eventually allow us to explore and predict the effect of different knowledge

organizations on problem solving performance. In the first section of this paper, the use of

back-of-the-envelope problems by practicing scientists and in the instruction of students will be

discussed. Second, the structure of the problems themselves will be examined and compared

to the typical problems used to study expertise in several domains. Third, protocols of several

experts and intermediates from different domains solving back-of-the-envelope problems will

be discussed. In the final section, the model of expert solution processes will be presented.

In some domains, physics and engineering in particular, this type of quick calculation

has been recognized as a critical part of the trade. Engineers will often perform rough

feasibility estimates before investing a large amount of time in a project or design. Indeed, this

technique is often taught as part of the standard engineering curricula (Bentley, 1984). The

field of physics also recognizes the value of this type of calculation for both experienced

scientists and students. The American Journal of Physics ran a department called "Back-of-

the-Envelope" from 1983 to 1984. Each month, three questions were posed, with the answers

supplied the following month. An example from the column is "How big an asteroid could you

escape from by jumping?" (Purcell, 1983). The editor of the column, Edward Purcell, had often

used this type of problem as an introduction to a graduate seminar in physics (personal

communication, 1981). Students were expected to be able to solve the problems using only a

one-page "Round Number Handbook of Physics," a list of quantities such as constants and

masses, and the student's own general knowledge.

- &' _ lK 'e.. :. ......
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Not only is the ability to solve back-of-the-envelope-problems considered an integral

aspect of expert behavior, these problems are sometimes used as a technique for predicting

success. Order-of-magnitude problems have been used on tests to determine eligibility for

*physics programs at the high school level (A. diSessa, personal communication, 1986). For

example, "How far can a goose fly?" and "How long a line can you write with a ballpoint pen?",I

were two of the questions on a take-home entry examination. Several reasons were given for

including this type of question. First, it was a way of introducing the students to the fact that

they possess a common sense knowledge which can be combined in unusual ways to answer

questions which initially sound intractable. Second, it presented a method of reasoning about

the world which, although quantitatively imprecise, is often sufficient given the particular

question asked. Third, the questions seemed to identify students who were highly motivated to

learn and understand material. On the ballpoint pen question better answers involved

measuring, recalling the last time a pen lasted, how much one wrote with it, etc., while grade-

oriented students produced an "academic" answer such as "You can't draw a 'perfect' line with

a ballpoint pen." As with Morrison, it was felt that the answers to these questions indicated

those students who would perform well in a research setting.

Recognition of the usefulness, and often necessity, of this type of calculation has more

recently spread to the area of computer science. Communications of the ACMhas recently run

-.several columns on computer science back-of-the-envelope problems (Bentley, 1984, 1986).

k- One problem posed in this area was "Suppose the world slowed down by a factor of a million.

-How long does it take for your computer to execute an instruction? Your disk to rotate once?

. Your disk arm to seek across the disk? You to type your name?" Bentley suggests that a few

envelopes worth of arithmetic early in the life of a software project may help a system designer

make rational choices and avoid a project doomed to failure.I'

I-. l - r. +u w * ,+ - . + = +* •"• • • h1 l = " * " .- o", ,. "" -"""".
'
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In summary, engineers recognize the need for back-of-the-envelope calculations and

often include them as part of the curriculum for training students. Physicists also recognize the

usefulness of these computations and, on an individual basis, will sometimes include them in a

classroom setting. The field of computer science has recently come to realize the value of

back-of-the-envelope problems, though there is no evidence that they have been

incorporated into the classroom.

The ability to perform back-of-the-envelope calculations competently is thus recognized

:4. in several disciplines as being an indicator, cultivator, and predictor of expertise. This

rcognition is largely the result of the pragmatics and demands of these fields. Engineering do

not want to design structures which will require twice the money allotted. Similarly, computer

scientists do not want to propose systems that would require 120 seconds in each minute.

With a few exceptions, these problems seem to be used mainly in the practice of a discipline,

rather than in an educational setting. Is there a basis for the use of these problems as an

educational tool? The next section will examine the structure of back-of-the-envelope

problems and compare them to the traditional problems of other disciplines. This may help

identify those aspects of the problems actually tap expertise.

The Structure of BEP

Back-of-the-envelope problems fall into the category of ill-structured problems, though

subproblems in the solution can be well-structured. Well-structured problems are those in

which the initial situation, the goal state, and the operators for transforming the current state,

.' are clearly delineated and well-defined (Greeno & Simon, in press). Traditional physics and

geometry problems fall into this category and are relatively well studied (e.g., Chi, Feltovich, &

Glaser, 1981; Greeno, 1978; Larkin, McDermott, Simon, & Simon, 1980). In a geometry proof,

for example, the initial state consists of the given part of the proof and the desired goal state is

what one must prove. The operators are the corollaries, definitions, theorems, etc. that one
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uses as reasons for a step in the proof. the operators move the geometry proof from the initial

state to the goal state.

One characteristic of well-structured problems is that there tends to be large classes of

the problems which have agreed upon solutions. A substantial part of the solution process for

an experienced problem solver therefore lies in identifying the type of the problem. As shown

by Larkin et al. (1980), the physics expert spends much time creating a representation of the

problem, i.e., determining the class of which the specific problem is a member. The steps to

the solution are then almost trivial because the solution itself is clearly defined. In other words,

after the creation of a representation the solution steps are somewhat automatic in that they are

not explicitly or individually evaluated. Another factor leading to consensus among experts on

physics problems is that the constraints of the problems studied have generally been well-

, defined and hence tend to produce agreement (Voss, Greene, Post, & Penner, 1983).

Poorly-structured problems have been less extensively researched (Reitman, 1965;

Simon, 1973). A type of ill-structured problem occurs when the goals of the problem are

undetermined. In well-structured problems, the goals are specific objects, such as a geometry

proof statement, whereas in ill-structured problems, the undetermined goals allow for

* alternative solution paths (Greeno & Simon, in press). For example, writing an essay or

painting a picture are both ill-structured problems. Another type of ill-structured problem occurs

P." when the solution requires knowledge from several different sources. This necessitates the

coordination of work in several disparate problem spaces (Simon, 1973). A form of this type of

problem occurs in geometry problems that require the construction of auxiliary lines. Here the

problem space that is given must be augmented with an operator for the construction of an

auxiliary line in order for the problem to be solved.

------------ -----------------------------
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An interesting study of ill-structured problems involve the social sciences, an area in

which problems are generally ill-defined (Voss et al., 1983). An example of the problems they

examined was: "Assume you are the Head of the Soviet Ministry of Agriculture, and assume

crop productivity has been low over the past several years. You now have the responsibility to

increase crop production. How would you go about doing this?" They noted that, unlike

physics, few problems of this nature have agreed upon solutions. Because it is difficult to

determine whether or not a given answer is a viable solution, or to implement an answer, social

science answers are judged on the merits of supporting argument. This suggests that it is the

underdetermination of social science goals that makes this argument evaluation necessary.

Another aspect of these problems which contributes to widely varying answers is that

the constraints are multiple, and any given expert typically cannot or does not consider all of

the possible constraints. It is also necessary for the social science expert to use real-world

knowledge to determine how particular constraints operate (Voss, Tyler, & Yengo, in press).

This real-world knowledge and the use of it may vary among experts creating diverse solutions.

Most back-of-the-envelope problems belong in the class of ill-structured problems.

There is no agreed upon solution to many of the problems, though the form of the answer is

defined. For instance, in solving the problem "How many leaves fall in North America every

autumn?" one knows that the answer must take the form of a number, which represents a

quantity of leaves. However, there is no 'correct' answer to this problem. Furthermore, there is

no preferred solution path among solvers as many equally viable methods could be used. For

* example, the number of leaves per tree and the number of trees in North America could be

calculated; however, the volume of leaves or the area of leaves could also provide the basis for

an answer.

low*
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Because it is often impossible to judge the veridicality of a given answer, such as in the

leaves problem, problem solvers tend to evaluate the process by which they arrived at their

solutions. For example, if a number has been estimated the solver evaluates the procedure

used to generate the answer. They attempt to justify their answer to each component or

subgoal in the problem, doing this for each segment of the problem. Presumably, this provides

an overall judgement of the acceptableness of the final answer, since the solver cannot check

whether their answer is correct. This is similar to the process Voss et al. observed in social

science experts during the generaton of their answers. As each leg of the solution was

outlined the expert presented a supporting argument, and then critiqued the argument. It

appears that this evaluation of the solution arises from the lack of an agreed upon answer or

method for testing the validity of an answer.

Since it is the nature of back-of-the-envelope problems to have no truly 'right' answer,

or even a preferred solution path, this opens up many creative avenues to a solution. If the

problem solver needs a necessary piece of information which s/he does not possess they are

free to bypass this obstacle by estimating the necessary quantity. If it is a procedure which has

been forgotten, or never learned, the problem solver can often arrive at a reasonable solution

by another solution path entirely, such as a series of estimations. Often, this option is not

available with typical classroom problems. When problems are asked in a classroom there is

usually a single solution procedure and answer desired. Even when there are several different

solution paths available they must all converge on the same answer. The open-endedness of

the back of an envelope provides an escape from the strict structure of most problem sets and

may encourage original, creative problem solving on the part of the students.

Despite many ill-structured aspects of back-of-the-envelope problems, well-structured

domain specific methods are often necessary or useful for their solution. In those problems

involving physics, such as the asteroid problem mentioned above, knowledge and formulas

S. -' --.
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about concepts like force and mass can be applied in much the same manner as in a classic

textbook physics problem. However, these methods will usually supply only subparts to the

overall question as they are embedded in a larger ill-structured context. It is unlikely that back-

of-the-envelope problems can be classified and solved by using only well-structured methods,

as with many textbook physics problems.

*. Perhaps the most important characteristic of back-of-the-envelope problems is their

integration of both domain specific and general knowledge. This may be why Enrico Fermi

found such delight in devising and answering this type of question. This may also explain why

these problems have long been intuitively believed to tap more than just rote classroom

learning. Even when textbook material has been well learned, back-of-the-envelope problems

usually require going a step beyond this type of knowledge by applying some common sense

knowledge in an unusual way. This use of the domain-specific and general knowledge, and

consequently domain-specific and general knowledge, and consequently domain-specific and

general methods, requires work in several different problem spaces. The coordination of

knowledge from separate sources may add a layer of difficulty to the problems. It does provide

* another :',-structured aspect of th4s type of problem.

In summary, there are several factors which combine to make back-of-the envelope

problems challenging. First, they require the retrieval and organization of several different

types of knowledge; domain specific and general. Second, the problems combine both the

creativity invited by ill-structured problems with the analytic skills necessary to solve well-

structured subproblems. Third, the lack of an agreed upon answer often invokes a process of

evaluation of one's problem solving processes in order to judge the acceptableness of a

solution. Back-of-the-envelope problems may provide a valuable instructional tool for these

reasons.

'%
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BEP Protocols

In this section, protocols of several experts and intermediates solving back-of-the-

envelope problems will be discussed. This provides examples of both the structured and ill-

structured aspects of these problems. In addition, there will be evidence of the use of domain

specific and general problem solving methods.

A pilot study was conducted in which two factors affecting the solution of back-of-the-

envelope problems were studied. The level of expertise of the problem solvers was varied to

observe any changes in solution method for back-of-the-envelope problems. Additionally,

subjects and problems were chosen from several different domains.

hMethod

Subjects. Two groups of subjects were used, experts and 'intermediates.' In this study,

an expert was defined as someone possessing either a doctorate, or a minimum of eight years

experience, in his or her field. The four experts included a physicist, a computer scientist,

someone with expertise in both physics and computer science, and an expert in a field other

than physics and computer science (psychology). An intermediate was defined as a first or

second year graduate student. The four groups of intermediates were a computer science

student, two computer science students working together, a psychology student, and two

psychology students working together.

It was felt that a group of experts and intermediates would provide an interesting body

of data on back-of-the-envelope problems to analyze. Beginning graduate students are in a

unique position on the continuum between novice and expert. They have more training than a

typical undergraduate 'novice,' but have not yet accumulated enough experience, training, and

knowledge to be considered an expert. But clearly, they are on their way to becoming experts.

They possess the reasoning potential (with only a few exceptions) to become experts in their
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field. However, intermediate/expert comparisons are not emphasized in this paper. The

discussion will focus on the performance across intermediate subjects.

Procedure. The experts were given a total of six problems. Two of these problems

involved physics, two involved computer science, and the remaining two, labeled 'no domain,'

tapped knowledge from neither of these domains. The problems used are given in Table 1.

The intermediate groups were given four problems: the 'no-domain' problems, the 'bicycle

courier' computer science problem and the 'pigeon' psychology problem. All subjects were

. given pencil and paper for their calculations and asked to give verbal protocols as they were

* solving the problems. In addition, the experts were audio recorded and the intermediates were

both audio and video recorded.

Table 1.

PROBLEM LIST

Computer Science:

At what distances can a courier on a bicycle with a reel of magnetic tape be a more rapid
carrier of information than a 56-kilobaud telephone line? Than a 1200-baud line? What is a
reasonable upper estimate? A reasonable lower estimate? How much faith do you have in
your answer?

Which has the most computational oomph: a second of supercomputer time, a minute of
midicomputer time, an hour of microcomputer time or a day of BASIC on a personal computer?
How much faith do you have in your answer?

No-Domain:

How much water flows out of the Mississippi River in a day? What is a reasonable upper
estimate? A reasonable lower estimate? How much faith do you have in your answer?

How many leaves fall in North America every autumn? What is a reasonable upper estimate?
A reasonable lower estimate? How much faith do you have in your answer?

Physics:

About how high does the temperature rise inside a tennis ball when it is hit in a fast serve?
What is a reasonable upper estimate? A reasonable lower estimate? How much faith do you
have in your answer?

I
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Fueled only by a 2-ounce chocolate bar, how high can you climb is you can turn it into
muscular work with 20% efficiency? What is a reasonable upper estimate? A reasonable
lower estimate? How much faith do you have in your answer?

Psychology:

A pigeon in a psychology experiment is being presented with a series of geometric shapes on
a computer screen. The possible shapes are a circle, square, triangle, and a pentagon. One of
these shapes is designated as the correct target shape. For each trial, the pigeon must decide
if the shape presented is the target shape. How long would it take a pigeon to peck a button
indicating a positive trial (i.e., that the target shape has been presented on the screen?) What
is a reasonable upper estimate? A reasonable lower estimate? How much faith do you have
in your answer?

Results and Discussion. A characterization of mathematical problem solving developed

by Schoenfeld (1985) provides a useful framework for discussing some aspects of the

protocols obtained for back-of-the-envelope problems. A summary of Schoenfeld's scheme is

provided in Table 2. For each topic -- resources, heuristics, control, and belief systems --

several examples have been chosen to illustrate the role being played in back-of-the-envelope

-* problems.

Table 2.

Knowledge and Behavior Necessary for an Adequate Characterization of
Mathematical Problem-Solving Performance

Resources: Mathematical knowledge possessed by the individual that can be brought to
bear on the problem at hand

Intuitions and informal knowledge regarding the domain
Facts
Algorithmic procedures
"Routine" nonalgorithmic procedures
Understandings (propositional knowledge) about the agreed-upon rules for working in
the domain

Heuristics: Strategies and techniques for making progress on unfamiliar or nonstandard
problems; rules of thumb for effective problem solving, including

Drawing figures; introducing suitable notation
Exploiting related problems
Reformulating problems; working backwards
Testing and verification procedures

V.. - . ... ,-. .. .
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Control: Global decisions regarding the selection and implementation of resources and
strategies

Planning
Monitoring and assessment
Decision making
Conscious metacognitive acts

Belief Systems: One's "mathematical world view," the set of (not necessarily conscious)
determinants of an individual's behavior

About self
About the environment
About the topic
About mathematics

Resources. The most obvious factor which will produce differences in subject

performance are the resources that a subject brings to a task. This is illustrated by the solution

methods of the subjects on the courier problem. The behavior of the two computer science

students working together (M.B. and D.W.) resembled that of an expert. They possessed all of

the necessary pieces of information to calculate an answer to the problem. The computer

science facts (the meaning of baud rate, length of a standard tape, amount of information

stored on a tape, etc.) were easily recalled. M.B. immediately states "Let's say a reasonable

1600 bits per inch [density of tape]. And then 2400 [tape length]." Hence, the only estimation

required was the speed of a bicycle courier. The behavior of M.B. and D.W. was quite similar to

that of S.L., the computer science expert, and both groups of subjects produced realistic

1. answers (S.L.: 38 miles, M.B. and D.W.: 30-60 miles).

In contrast, neither group of psychology intermediates possessed the relevant facts for

solution of the problem. S.A. spent very little time working on this problem (See Appendix A for

a protocol listening). She does not seem to worry about the facts which would be necessary to

calculate an answer, but gives an answer based purely on her (mis)perception of the speed of

computers. She simply states "a courier couldn't be faster." It is unclear from the protocol

whether her naive conception of computer speed is so strong that it suppresses any

-A"-%
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computational effort (the answer seems so obvious that calculations appear completely

unnecessary), or if she realizes her lack of knowledge is so severe that her best performance

will be a guess based solely on intuition.

The group of two intermediate psychology students working together (B.R. and P.B.),

despite a much longer problem solving effort, arrive at the same conclusion. They, however,

outline the procedure required to calculate the answer. They are unsure if baud rate means

'bits per second' but decide to operate on that assumption. They then wander through a

discussion of many irrelevant facts: speed of electron flow, speed of sound, length of time for a

computer to read information, time to print a file, and time to write to a floppy. It seems as

though lack of familiarity with the domain prevented the relevant details from appearing

immediately salient. B.R. and P.B. do eventually realize that they need to know how much

information is contained on a tape, but they are absolutely certain, without estimation or

calculation, that it is less than 56,000 bits. (A standard tape can hold approximately 72 * 1

bits.) They state that if this were true then the courier would have less than a second to deliver

the information.

Similar to S.A., the most salient detail about computers for B.R. and P.B. seems to be

the perception of computers as "infinitely fast." P.B. comments on the speed of computers, "It's

almost instantaneous - it's not a perceivable amount of time," and later he states that it takes

ten minutes to print a file "but if you write to a floppy -- it's there."

To summarize, B.R. and P.B. realize the pieces of information that are required to

calculate a solution, but grossly underestimate the amount of information on a tape and

overestimate the speed of computers. S.A. seems governed by her misconception of the

speed of computers, and it is unclear whether she understood the necessary procedure. The
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computer science students, M.B. and D.W., performed in an expert manner by recalling the

necessary facts.

Possession of domain specific knowledge is obviously a critical factor in obtaining a

reasonable answer to the courier problem, as with many other types of problems. The protocol

of B.R. and P.B. is suggestive of the conclusion that ability to reason in an unfamiliar domain is

not entirely hampered by a lack of 'stored facts.' They are able to outline the procedure

necessary for a solution of the courier problem. Their main difficulty lies not in understanding

or representing the problem situations, but rather in quantizing the problem representation.

The protocol of B.R. and P.B. also suggests that one of the effects of familiarity in a

domain is suppression of irrelevant details and foregrounding of relevant facts. While they are

able to formulate an appropriate procedure for the courier problem there is much more 'noise'

in their protocol than in that of computer science students. B.R. and P.B. consider much

unnecessary information about computers before focusing on the relevant pieces of

information. It seems that rather than lacking the required knowledge for a solution to the

problem the psychology students have trouble identifying the necessary information.

Heuristics. There were several tactics the subjects used to quantize the parameters for

Vback-of-the-envelope problems. Those which have been identified can be characterized as

shown in Table 3.

Table 3

Heuristic Tactics

''. 1. Unsure recall of fact, followed by an adjustment.
Example: A.D.S. on chocolate problem

"So, and there's 28 grams an ounce, or some such, 24, I
don't know. Let me take 25, it doesn't matter much."

ILKL% -
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2. Unjustified guess.
Example: J.R. on Mississippi problem

"Lers say it's a mile wide. And ;t's probably 50 feet deep."

3. Guess based on experience.
Example: A.D.S. on Mississippi problem

"I drove across not too long ago.... I don't know any other
handle right off the top of my head than just my
remembrance of how big the river is."

4. Analogy, usually based on experience.
Example: M.B. on Mississippi problem

Comments that he grew up near the Delaware river and
that the Mississippi River is wider than the Delaware.

5. Imagery.
Example: S.A. on Mississippi problem

"I'm getting confused. I'll just picture it in my mind."

6. Decomposition.
Example: D.S. on leaves problem

First estimates the size of a leaf and then calculates
increasingly large quantities.

Experiential analogy was a strategy used by many subjects. The object which needs to

be assigned a magnitude is compared to a similar object with which one is familiar. When B.R.

and P.B. (psychology intermediate) are trying to decide upon a depth for the Mississippi, they

call to mind the Long Island Sound and the Cape Cod Canal. These are objects with which

they had numbers associated. For example, they recalled that the Long Island Sound is 150

feet deep. (Obviously, this strategy does not always provide the correct answer.) When

deciding on the width, B.R. and P.B. compare the Mississippi River to the Oakland Bay Bridge

and the Trans Bay Tube. The subjects then compare the object for which they need a number

to the object for which they already know a magnitude. Adjustments are then made for

perceived differences.

Another strategy which appears very important to all of the subjects is creating an

image of the object in their minds before they assign a number to it. S.A. (psychology

intermediate) comments while working the Mississippi problem, "I'm getting confused. I'll just

I
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picture it in my mind." Additionally, a picture (an external image) is often drawn of the object.

Many of the subjects drew a map of the United States for the leaves problem, and the mouth of

the Mississippi River for the Mississippi problem. The map of the U.S. was used to mark the

necessary parameters for calculation. Often after drawing the map, the subjects would realize

that they originally had forgotten to include Canada and Mexico, interpreting North America as

United States. The map would sometimes be used to mark off those areas considered to be

heavily forested, thinly forested, or without trees. The drawing of the mouth of the Mississippi

River was used in a similar manner. After finishing drawings, comments such as "Okay. Now

what do I need to know?" were made. The parameters would then be marked on the drawing.

In order to be able to create an image of an object, subjects decompose the initial

quantity in the problem to conceivable objects to which they can then assign values. For

example, the number of leaves that fall in North America was always reduced to the number of

leaves on a tree. Some subjects even started with the size of a leaf and calculated from that

estimate. One of the reasons for this strategy is that a tree or a Icaf is easily envisioned by a

" subject, and hence easily assigned a value. (An equally probable reason is that the answer

must be broken up into its component parts in order to be calculated.) There is an interaction

between decomposing a quantity into several smaller quantities and visualizing those

quantities. Quantities are reduced into component parts until those parts can be assigned

values.

A default strategy exhibited by some of the subjects was to make an unjustified guess at
0 *

some number. This strategy was used in two situations: either the subject had no way of better

approximating the quantity, or they felt that it was not necessary to make a more finely honed

b' estimate.

-J
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All subjects used some subset of the methods described above, and all subjects

envisioned objects. These strategies seem to be a necessary part of solving back-of-the-

enveiope problems, and to apply across domain.

Control. Two types of control were evident in the solutions to the back-of-the-envelope

problems. One of these is a strategy decision; a conscious decision to use one solution

method instead of another. This is a choice which will affect the course of the problem solving

session. The other type of control is a more localized 'reasonableness monitor.' As a quantity

is decided upon or calculated it is evaluated to determine if it meets some criterion of

reasonableness.'

The first type of strategy decision is illustrated by the four expert protocols on the

*. chocolate problem, shown in Table 4. The physics and computer science expert, A.D.S.,

solved the problem using a straight forward application of a physics formula and a few

estimations. The computer science expert, S.L., attempts to use the same procedure but does

not know the necessary energy conversions. He struggles for more than ten minutes on the

conversion, never reaching a solution, until he is told to go on to the next problem. The physics

expert, D.S., also quickly realizes the applicability of this type of physics approach. He also

knows that he does not have the necessary energy conversion. He then backs off from the

formula method and instead uses a series of estimations. The estimations require no

knowledge of formal physics, but he arrives at a solution remarkably close to that of A.D.S. (I

would conjecture that although this solution required no formal physics knowledge, a physics-

illiterate person would not arrive at such a reasonable answer using the same method. I

believe D.S.'s physics knowledge fed into the accuracy of the estimations.) The psychologist,

S.R., realizes immediately that he does not possess the needed physics knowledge and also

decides on an estimation procedure. This procedure is more simplistic than that of D.S., but

viable nonetheless. The error in this procedure is the result of the grossness of the estimate of
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how high one can climb in a day. If that quantity had been broken down into a series of

estimations, it is possible that S.R. might have reached an answer closer to that of D.S. and

A.D.S.

Table 4

METHODS USED BY FOUR EXPERTS ON CHOCOLATE BAR PROBLEM

ADS (Physics and C.S. expert): Use physics formula (successfully).

2 oz. chocolate = 650 calories = 160,000 joules
160,000 * 0.2 = 560,000
MGH = 546,000
10 * 100 * H = 546,000
H = 546 meters = 1,600 feet

SL (C.S. expert): Use physics formula (unsuccessfully).

U 2 oz. chocolate = 1000 kilocalories = 1000 joules
tries to use MGH = 1000 and never reaches a 'reasonable' solution

DS (Physics expert): Estimation procedure.

1) Realizes the applicability of formula: potential energy = MGH.
Also realizes he does not know any method for converting 2 oz. of chocolate into
energy.

2) Instead makes a series of estimations:
,V a. Can stay alive for one day on 4 chocolate bars => one bar will keep a person
, ', alive for 6 hours

b. 5 times more energy is expended walking than just staying alive => one
chocolate bar will keep a person walking for 1 1/5 hours

c. A person can walk 3 k.p.h.

d. Can climb 1/6 as fast as can walk => Can climb 1/2 k.p.h.

Can climb for just over an hour on one chocolate bar, therefore can climb 1/2
km. ( = 1650 feet)

-1*

.4.
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SR (Psychology expert): Estimation procedure.

Determine what percent of daily consumption is represented by one chocolate bar, and
how high one can climb in a day.

* 2 oz. chocolate = 300 calories
daily calories = 4000 => chocolate bar = 5% daily calories
can climb 4000 feet in one day => can climb 200 feet fueled by one chocolate bar

D.S. makes a control decision which allows him to reach a reasonable answer.

Because he is consciously monitoring his solution process, he realizes the inadequacy of his

knowledge for the formal physics approach. D.S. then backs off from attempting to apply a

physics formula and tries another approach. This second approach utilizes less formal

knowledge and estimations rather than formulas. D.S. is hence able to tap a different set of

-.. resources and successfully reach a solution. In contrast, S.L. never stops to evaluate his

progress on the problem and simply runs in place for most of the session. These protocols

provide an interesting example of the diversity of solution methods obtained for back-of-the-

envelope problems.

A more omnipresent and localized type of control was the constant monitoring for the

r, reasonableness of a quantity either chosen or calculated. When a quantity was formed from
r,

several lesser quantities, it was often again held up against a new standard for

reasonableness. Frequent comments as numbers were being generated included "Is that

reasonable?", "Does that make sense?", "I don't like that, it seems very unreasonable", and

"Let's think about this for a minute, it is reasonable?"

When the answer to a problem was reached it was often inspected for reasonableness

by comparing it to another known quantity. M.B. and D.W. (computer science intermediates)

had reached an answer of 1013 for the leaves problem.

-- -

L
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D.W.: Do you have any idea how large this number is?
M.B.: Is it bigger than the national debt?
D.W.: Yes.
M.B.: Then it's probably inaccurate.... Is there one real tree for every person

[in the United States]?

In this excerpt, they have compared their answer both to the national debt and to

the population of the United States in an attempt to get a handle on the magnitude of

their answer.

A.D.S. (physics and computer science expert) after calculating that there were 50 billion

trees in the United States says,

"People in the U.S. Imagine each person as a tree. I'm really thinking about my
experiences growing up in Colorado. Trying to attach a person to a tree. Let's

* see how that goes. I don't think that's going to get me anywhere. 50 billion.
That's reasonable enough to go with I guess."

Later, when judging confidence in his answer, he states:

"1 said how many trees did I have, 50 billion trees?... I'm looking for independent
estimates of these guys. What's the gestalt of 50 billion trees?"

A.D.S., as M.B. and D.W., is attempting to inspect the answer he has reached by

comparing it to other quantities which he already knows. Because the magnitude of the

answer is so large that it is hard to comprehend, the subjects seem compelled to compare the

answer to another quantity for which they have some associated meaning.

Similarly, B.R. and P.B. (psychology intermediates) when judging confidence in their

answer to the leaves problem, also try to 'grok' 1014. B.R. remarks, "I can't conceive of

numbers that high. I've never counted that high (laughs]. I've never had that many of

anything." The same subjects solve the Mississippi problem after having worked out an

answer for the leaves problem. B.R. suggests a confidence rating of 10%.

P.B.: You're 60% sure of the leaves and only 10% confident of this? At least
we're dealing with numbers we can comprehend.

B.R.: You can comprehend a cubic mile? I'm skeptical.

14
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These examples illustrate the need subjects have to judge their answers for

reasonableness. It seems as though inability to envision the magnitude of their answer often

drives the subjects to compare their answer to other quantities

Belief systems. One of the reasons for choosing the two different areas of graduate

students was their different positions along the continuum of quantitative/non-quantitative

disciplines. Computer science is considered a mathematical field, whereas psychology is

often thought of an area in which mathematical ability is not essential. Many psychology

students are not only disinterested in mathematics (or their perception of what mathematics

entails), but are also math phobic or at least math shy. Computer science students, on the

other hand, seem to be comfortable with the quantitative aspects of their work. In fact, it may be

this quantitative aspect which originally attracts many students to computer science.

To some degree, these attitudes are reflected in performance on back-of-the-envelope

problems. They are more evident, however, in the subjects' perception of their performance,

rather than in actual competency. None of the subjects was unable to perform a necessary

computation or realize a plausible approach to the problem. (With the possible exception of

S.A. on the courier problem. It is unclear whether she would have figured out the necessary

computational steps.) In judging faith in their answer, however, subjects in different domains

varied in their confidence rating, despite having performed virtually identical computations.

The pigeon question produced quite brief and similar protocols for all the subjects.

(This problem was at first misunderstood by all of the subjects, and none of the subjects

actually did a series of estimations. Apparently, it was not a clearly worded question.)

However, despite the similarity among the responses, there was a significant difference in the

amount of confidence the subjects had in their answers. After S.A., a psychology student, has

iz :-- .._8
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realized what the question is asking for (reaction time), her protocol is quite brief (see

Appendix B). Although she realizes some of the relevant parameters -- reinforcement, distance

from the button, etc. -- and divides the reaction time into at least two stages, recognition and

response time, she does not take these factors into account. She simply states "Okay, half a

second." S.A. does claim, however, to have more faith in this answer than she does for the

leaves question. This is despite the fact that she performed a series of computations for the

,, . leaves problem.

B.R. and P.B., also psychology students, throw around some response times they are

familiar with such as "100 milliseconds or something" for a neuron to fire to a visual sensation,

and "200 milliseconds to execute an eye movement." As S.A., they then simply state that the

response time is "less than one second." (I am not suggesting that these number are not

reflected in the answer in some way, simply that they did not explicitly estimate X seconds for

perception +Y seconds for decision making +Z seconds for motor response=total response

time. This, incidentally, was desired behavior.) They set an upper limit of 1/2 second and a

lower limit of 100 milliseconds. Their confidence rating in this brief calculition was a high 90%.

M.B. and D.W., computer science students, spend less time on the pigeon question then

they did on any of the other questions. D.W. clocks M.B. as he strikes the table "as if I'm a

w pigeon recognizing something." This takes about 1/2 second and their final answer is in the

• "-" range from 1/2 second to 1 second. M.B. suggests that they have more faith in this answer than

in the leaves problem, and D.W. responds "I don't know anything about pigeon psychology."

Their confidence is finally decided upon at 35%.

N' All of the answers given were quite similar, and none of the subjects spent much time

calculating an answer. M.B. and D.W. have only 35% confidence, despite having performed a

mini-simulation, while B.R. and P.B. have 90%. The extreme variance in these confidence

q7%4



Back-of-the-envelope problems: BEP Protocols
J. L. Moore page 24

ratings suggests that the subjects are responding to their confidence in their ability in a domain,

rather than their confidence in the computations they have just performed.

In general, having more confidence in an area which one has spent time studying is a

reasonable technique. Given that someone is trained in a particular field, chances are that

they will perform better in that area then in others. It only becomes a problem when it acts as a

hindrance in areas perceived to be outside one's expertise. Realization of one's shortcomings

can be valuable, but can also be unnecessarily restrictive.
..

Before solving the problems, S.A. (psychology intermediate) was very concerned about

her ability to do the necessary mathematics for the back-of-the-envelope problems. However,

she exhibits mathematically sound, but unsophisticated, behavior. When calculating the

number of trees in a square mile, she states:

Every 8 feet could have a tree. So divide one mile, find out how many 8's that
would be [divides 5,280 by 81. Is that true? Yea, already. Every one mile you
could have 660 trees.

So now I'm saying if I space them out across the mile like this and say every 8
feet could have another tree, and how many quadrants [draws a square with 660
marked on each side and divides the square into quadrants]? So that would be
660 again. So 660 squared. So it would be like this, 660 this way and 660 that
way, and everyone would have a tree. Already. Maybe I can get a job with the
forest service [squares 660].

The statement "find out how many 8's there would be" sounds surprisingly like a school

cnId. She finds out the number of trees in a square mile by drawing a square and dividing it

to quadrants. She seems to have returned to the meaning of the concept of squaring, rather

,han accessing a stored "squaring schema." Despite this lack of mathematical sophistication,

S.A. manages to arrive at answers to all of the problems.

It is also notable that S.A. does not discard any digits; she maintains all the numbers in

her final answer. She does this in all her protocols, never giving an answer in scientific

ILA
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notation, as did everyone else. Her answers are not wrong; they are simply less polished than

the others.

When S.A. is sctvirg the Mississippi problem, she associates what she is doing with

statistics, most likely he, only recent quantitative experience. "Already, the river flows one foot

per second. This is like statistics." She has figured out the necessary parameters to solve the

problem and then states:

So I've got to figure out a little math problem here. So I'll take something I know
that I can figure out. If I can't figure things out, I can always try to reduce it to a
more simple way of trying to figure it out.

.0

Despite S.A.'s lack of mathematical sophistication and the fact that she was worried

before the protocol session about being able to perform the necessary mathematical

computations, she performs competently on all of the problems. She manages quite well to

work around all the mathematical obstacles she encounters. However, she probably would not

have agreed to give the protocols had she been asked to 'solve some math problems.' S.A. is

a good example of a person who should consider herself mathematically untrained rather than

mathematically incompetent.

Summary. The four categories of resources, heuristics, control, and belief systems

have provided a framework for discussing some of the aspects of the reasoning involved in

back-of-the-envelope problems. Resources, of course, dramatically affect the solution

processes used by the subjects. Back-of-the-envelope problems may be an area in which lack

of domain specific knowledge may be compensated. For example, on the chocolate problem

two experts, D.S. and S.L., managed to maneuver around their lack of knowledge by using

estimation procedures. This may provide an interesting source of data on reasoning from

incomplete knowledge. The types of heuristics the subjects use were divided into several

categories. The two most common strategies were to compare the object at hand to some

- .-"-.
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* other object with which one has a value associated, and to create a mental image of the object

to be quantized. Two types of control were observed in the subjects. The first was conscious

strategy decision to use a particular method for solving a problem. The second was a more

localized monitor for the reasonableness of quantities which were being estimated. The belief

systems that the subjects have about their competence in different domains affect confidence

i* ratings of their answers. This is true regardless of the actual computations the subjects

". perform.
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A Model of BEP

The previous section examined some of the differences between subjects whenever

either the expertise of the subjects or the problem domain varied. It would also be useful to

characterize the similarities among subjects on back-of-the-envelope problems. A mode; will

be developed in is section in order to examine the processes and knowledge required to solve

this class of ill-structured problems.

The framework provided by FERMI, "Flexible Expert Reasoner with Multi-domain

Inferencing," (Larkin, Reif, Carbonell, and Gugliotta, 1985) has been adapted to model the

solutions to back-of-the-envelope problems. FERMI stores knowledge and problem solving

methods in a hierarchy according to their level of generality. This is an especially useful

feature for this type of problem, in addition to the particularly apropos name of the system.

FERMI was originally designed as an expert system, not as a model of human behavior. In

addition to providing a framework for the discussion of the reasoning involved in back-of-the-

envelope problems, this analysis will show that FERMI is a viable model of human cognitive

activity. There are several further ways in which FERMI will be extended. The first involves the

addition of more "everyday" type of knowledge, and more general methods such as estimation.

Secondly, FERMI will be shown to provide an adequate model for a domain of problems not

previously considered. Thirdly, in addition to modeling human cognitive activity it will be

shown that individual subject behavior can be modeled by adjusting the knowledge base

available to the system. Finally, the protocols previously discussed support several

assumptions in the design of the system; primarily the hierarchical structure of the problem

solving methods in the solution to a problem.

FERMI is a computer-implemented expert reasoner in the natural sciences that encodes

its declarative and procedural information hierarchically at the appropriate level of generality.

eTa. . . . . . . : ::.. .':'. -. . . .. _ -.
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In particular, the system includes two related hierarchies, one of scientific principles and one of

problem-solving methods. This should provide hypotheses of the manner in which skilled

human experts separate and use knowledge according to its generality.

FERMI has been implemented in the schema-representation language SRL (Fox, 1979;

Wright and Fox, 1983). The system uses schemas (Minsky, 1975; Bobrow & Norman, 1975),

data structures composed of slots and fillers for storing related knowledge. Any slot in a

schema may have associated information about how the slot may be filled, such as default

values and constraints. Slots in FERMI may also have associated pullers, i.e., pieces of code

to be implemented whenever the system needs to fill a slot about which it has no stored

information. Hierarchies are created by connecting schemas with isa links which indicate class

membership. When a schema A is connected by an isa link to a second schema B, then A

automatically inherits all the contents from the schema B. The isa relation is also transitive.

That is, if A isa B and B isa C, then B inherits directly the contents of C, and A inherits from B

both the original contents of B and all the knowledge that B inherited from C. This inheritance

allows knowledge common to a variety of schemas to be encoded only once.

FERMI is based on research of how information is structured in the physical sciences

(Chi, Feltovich, and Glaser, 1981; Reif and Heller, 1982). Physical scientists can identify

.. general principles and problem-solving methods (e.g., energy principles or decomposition

methods) as well as specific instantiations (e.g., decomposition of vectors into components).

They can also distinguish between more and less general principles or methods. (For

example, the statement "path integrals of scalar-field differences are path independent" is quite

general, while the statement "pressure drop in a static fluid is path independent" is specific to

the domain of fluid statics.) FERMI's knowledge is thus organized into two distinct schema

*hierarchies, one encoding scientific principles of different levels of generality, and the other

encoding problem-solving methods of different levels of generality.
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In the current work, the hierarchies of FERMI will be extended further to include even

more general reasoning methods. The principles and methods used by FERMI are more or

less scientifically general. They do not embody the everyday reasoning skills used by a non-

scientist. Consequently, the interaction between the scientific and general knowledge and

strategies cannot be modeled. One of the protocols which will be discussed shows a scientist

interweaving the two types of knowledge in order to arrive at an answer.

FERMI's general knowledge is stored in general "quantity schemas" and in associated

general "method schemas." A general quantity schema contains pointers to one or more

general methods. These pointers are inherited by all quantities related to that general quantity

by any chain of isa links. Likewise, FERMI's domain-specific knowledge is stored in domain-

-specific quantity schemas and in associated local methods called "pullers. There pullers

contain procedural knowledge about how to fill a slot when it is empty, and no inheritable value

is available.

- -~ If domain-specific knowledge alone fails to solve a problem, FERMI tries more general

methods. However, the general methods alone cannot usually solve the problem alone and

require specific information. This information is recursively supplied by the domain-specific

quantity schemas and their pullers. This creates an interesting interaction between the

domain-specific and general knowledge.

.-4
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quantity

': II I It

type difference decomposable invariant units
quantity quantity quantity

scalar vector
field field area path path time number-I of

homogen- region input- o
eous parts output area

IU

invariant invariant sum
product over path

area number-
of

pressure potential
drop drop

PD PD 2

Figure 1. FERMI's hierarchy of quantities.

Figure 1 shows part of FERMIs hierarchy of quantity schemas, part o' the more

encompassing hierarchy of entity schemas illustrated in Figure 2.
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entity

object quantity

,.",I A
solid liquid circuit
object element

three- planar resistor ideal ideal
dimensional battery wire

Figure 2. FERMI's hierarchy of entities, including
the hierarchy of quantities from Figure 1.
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method

I I I I
estimation property- related algebraic analogy

methods methods

decomposition comparison of
invariants

I_ I
tepath input-output'-'control entity

structure type

constrained preferred
path direction

known

iterative I
r r path regionrecursive

L recursive recursive
path decomp. region decomp.

iterative iterative area
path decomp. region decomp.

known known homogeneous
path decomp. region decomp. parts

decomp, of other
quantity (e.q intermediate
length, widAth quantities

representative common
unit measurement

unit

Figure 3. FERMI's hierarchy of major problem-solving methods
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Similarly, the hierarchy of method schemas in Figure 3 is only a part of the broader

hierarchy of action schemas in Figure 4.

action

' I I
tests operators methods

test for test for better generators units resolution
completion solvability

combinators

Ftep caseT-

test for shorter gerators generators
path between g

entities addition

test for weighted
closer point for average

iteration
test for multiplication
region for

coverage recursion

Figure 4. FERMI's hierarchy of actions,
including methods included in Figure 3.
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Figures 5.1 - 5.5 show a trace of a solution to the problem produced by an extended

version of FERMI. The problem is: "How many leaves fall in North America every autumn?"

Thi', is an example of a problem requiring only general knowledge in order to calculate an

answer.

Gi: number-of1 [leaves, N.A.]
Look-up: empty

G2: Apply-pullers
none

R2: fails
G3: Apply-methods (homogeneous-parts decomposition, estimation}

Apply method: hpd
number-of1 = expression1

[* number-of2 number-of3]
R3: number-of1 = expression1

G4: evaluate-expressions-for-no-ofl
OR {expression }

G5: evaluate expression1: (* number-of2 number-of3)
AND {number-of2 number-of3}

G6: number-of2

This part of trace elaborated in Figure 5.2

R6: number-of2 = 6,750 leaves /tree

G15: number-of3

This part of trace elaborated in Figure 5.3.

R15: number-of3 = 6.539 1011 trees/N.A.

R5: expression1 = 4.393025 1011 [* 6,750 6.539 1011]
R4: evaluate-expressions-for-number-ofl: 4.393025 * 1011

Ri: number-ofi = 4.393025 * 1011 leaves/NA

Figure 5.1. Trace of FERMI's solution of a problem (main steps)

Figure 5.1 shows the main goals and results, with subsequent figures giving more

detals. The trace is organized as nested sets of goals and corresponding results. In Figure

51. the desired quantity called "number-ofi " is found in three steps. First, "look-up" fails

*because the number is not already available to the system. In correspondence, it is unlikely
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that many people have stored and can recall the number of leaves that fall in North America.

FERMI then tries to use pullers. As there are none available for this quantity type, this

technique also fails. The attempt to use pullers with number-of quantities will be omitted

subsequently as it will always fail. As a third step, FERMI identifies applicable methods. The

pointer to these methods are inherited by number-of from the general quantity schema

"quantity decomposable into homogeneous parts." In this case, applying homogeneous parts

decomposition (hpd) to number-of1 produces expression1, (number-of2 number-of3), where

number-of2 and number-of3 are, respectively, the number of leaves on a tree and the number

of trees in North America. FERMI has thus decomposed the initial quantity into two lesser

component quantities.

In order for the method hpd to apply, it must be able to decompose the initial number-of

quantity into two component number-of's. First, a relationship must be found between the two

original objects and an intermediate object. This relationship must allow for a number-of link to

be created. For example, in the current trace, FERMI finds that leaf and tree are connected by

the relationship "grows-on," or conversely "grows," therefore the number of leaves on a tree

can be calculated. FERMI must then find a relationship between tree and North America.

There is no strong, direct link as for leaf and tree; however, a common unit of measurement can

be found using the concept of area. FERMI has thus decomposed the quantity of leaves in

North America into the smaller quantities of leaves on a tree and trees in North America. One

of the computability requirements of this method is that the component quantities must be

lesser quantities than the original quantity. Finally, the combination function of this method

indicates that the component quantities must be multiplied together.

I % In (G3, R3), FERMI evaluates the single expression generated, yielding the desired

quantity. (G4, R4) requires the AND subgoal to find values for both number-of2 and

4 
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number-of3. The actual numbers shown in this trace were taken from the protocol of S.A.

(psychology intermediate) solving the problem (see Appendix C).

G7: number-of2 [leaves, tree]
lookup: empty

G8: Apply methods {hpd, estimation)
Apply method: hpd
number-of2 = expression 1

[* number-of4 number-of 51
R8: number-of2 = expresslon2

G9: evaluate-expresslon2:
OR (expression 2}

G1 0: evaluate expresslan2: (*number-of4 number-of5)
AND {number-of4 number-of5}

Gil: number-of4 [leaves,branch]
Lookup: empty

G12: Apply methods {hpd, estimation}
Apply method: hpd
fails
Apply method: estimation
number-of4 = 750

R1 2: number-of4 = 750
R1 : numnber-of4 = 750

G13: number-of5 [branches, tree]
Lookup: empty

G14: Apply methods {hpd, estimation)
Apply method: hpd
fails
Apply method: estimation
number-of5 = 9

R14: number-of5 =9
R13: number-of5 = 9

RiO0: expression2 =6,750 [* 750 9]
R9: evaluate-expressions-for-num ber-of2: 6,750

R7: number-af2 = 6,750

Figure 5.2. Trace of FERMI finding number-of2.

In Figure 5.2, the process of finding the number of leaves on a tree is shown. Again,

look-up does not supply an answer; consequently, the method hpd is applied. Number-of2 is

decomposed in a similar manner to number-ofi, with expression2 resulting. Number-of4 and

* number-of5 are respectively the number of leaves on a branch and the number of branches on

L a tree. The decomposition is slightly simpler than the first in that "branches" is directly

9a2



Back-of-the-envelope problems: A model of BEP
J. L. Moore page 37

connected to both "leaves" and "trees." Note that this decomposition provides the possibility of

simulating individual differences. If the branch links were omitted from the knowledge structure

available to FERMI, then the decomposition could not occur. Apparently, the number of leaves

on a tree is not always considered a decomposable quantity as some subjects omitted this

step.

When trying to find number-of4, FERMI again tries to apply hpd. However, this method

fails because there is no intervening object in the entity hierarchy between leaf and branch.

The method of estimation is therefore applied to this quantity. Estimation will be treated in this

paper as a black-box procedure. It will simply provide a number when appropriately applied.

Estimation could conceivably be used to generate an answer for any desired quantity;

however, its use is generally constrained by at least two factors. First, estimation is used more

often for quantities which are not easily or possibly measured. For instance, in the current

problem, the number of leaves on a tree is not a number simply to count or measure.

Furthermore, even if one did manage to count the leaves on a given tree, this would not

indicate that this is a reasonable number to represent the average number of leaves on the

average tree. In this case, estimation seems as a viable a method as measurement. On the

other hand, in a physics problem, this is not often a good approach because the problems

usually deal with specific physical situations. When this is true, there is a precise quantity

needed which can be calculated or measured.

Number-of5, the number of branches on a tree, is found in a similar manner of

number-of4.
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G15: number-of3 [trees, NA]
Lookup: empty

G16: Apply methods {hpd, estimation}
number-of3 = expression3
/areal area2]

R16: number-of3 = expresslon3
G17: evaluate-expressions-for-number-of3

OR {expression3}
G1 8: evaluate expression3: (/areal area2)

AND {areal area2}
G19: areal [NA]

This part of trace elaborated in Figure 5.4

R19: areal = 1.5 * 106 sq. miles

G27: area2 [tree]

This part of trace elaborated inFigure 5.5.

R27: area2 = 64 sq. feet

R18: expression3 = 6.539 * 1011 [/ 1.5 * 106 sq. miles 64 sq. feet]
Ri 7: evaluate-expresslons-for-no-of3: 6.539 * 1011

R15: number-of3 = 6.539 * 1011 trees/NA

Figure 5.3. FERMI's trace of finding number-of3.

In Figure 5.3, the number of trees in North America is calculated. Once again, the

method hpd is applied to the desired quantity. In this case, trees and North America are not

directly connected, or connected via an intermediate object; therefore, the concept of area is

used to connect the two objects. The number of trees in North America is decomposed into the

area of North America, which must be divided by the area of a tree. The subgoal is then set to

find the area of North America. This is shown in Figure 5.4. The method which is applicable in

this case is called "area decomposition." This method decomposes the area of North America

into its length and width, which must then be multiplied together. The length and width of North

America are estimated similarly to the number of leaves on a branch and the branches on a

tree.
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G19: areal [NA]
lookup: empty

G20: Apply methods (area decomposition, estimation}
Apply method: ad
areal = expression4

[* lengthl widthl]
R20: areal = expression4

G21: evaluate-expresslons-for-areal
OR {expression4}

G22: evaluate expression4: (* lengthl widthl)
AND {lengthl widthl}

G23: lengthl
Lookup: empty

G24: Apply methods{hpd, estimation}
Apply method: hpd
fails

,, Apply method: estimation
length1 = X

R24: lengthl = X
R23: lengthl = X

G25: widthl
Lookup: empty

G26: Apply methods {hpd, estimation}
Apply method: hpd
fails
Apply method: estimation
width = X

R26: widthl X
R25: widthl = X

R22: expresslon4 = 1.5 * 106 sq. miles [ * x miles x miles]
R21: evaluate-expressions-for-number-of4: 1.5 106 sq. miles

R19: areal 1.5 * 106 sq. miles

Figure 5.4. FERMIs trace of finding areal.

Units of measurement become important when multiplying two quantities. Multiplying a

quantity of miles by another quantity of miles must result in an answer involving square miles.

Additionally, if two numbers are estimated in different units, one of the quantities must be

converted in order for the mathematical operation to be performed. Area decomposition

therefore must pass both its arguments and their units of measurement to a type of action

called an operator. This operator, called "units resolution," takes as input two quantities with

their associated units and a mathematical operator. It then produces the correct quantity and

V?
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units indicator. This step of resolution is not reproduced in the trace, but occurs any time a

mathematical operation is performed.

G27: area2 [tree]
lookup; empty

G28: Apply methods {area decomposition, estimation)
Apply method: ad
area2 = expression5

[* length2 width2]
R28: area2 = expression5
G30: evaluate-expressions-for-area2

OR {expression4}
G31: evaluate expressionS: (* length2 width2)

AND {length2 width2}
G32: length2

Lookup: empty
G33: Apply methods {hpd, estimation)

Apply method: hpd
fails
Apply method: estimation
length2 = 8 feet

R33: length2 = 8 feet
R32: length2 = 8 feet
G34: width2

Lookup: empty
G35: Apply methods {hpd, estimation)

Apply method: hpd
fails
Apply method: estimation
width2 = 8 feet

R35: width2 = 8 feet
R34: width2 = 8 feet

R31: expression5 64 sq. feet [* 8 feet 8 feet]
R30: evaluate-expressions-for-number-of5: 64 sq. feet

R27: area2 = 1.5 * 106 sq. miles

Figure 5.5. FERMI's trace in finding area2.

In Figure 5.5, the area of a tree is found in a manner similar to the area of North

America. In order to calculate R17 in Figure 5.3, the number of trees in North America, the area

of North America is divided by the area of a tree. Note that the resolution of units is also critical

to this operation. This result is in turn combined in Figure 5.1 with the number of leaves on a

tree to produce the final answer, the number of leaves on a tree.

° .:,



Back-of-the-envelope problems: A model of BEP
J. L. Moore page 41

The leaves problem demonstrates that problems of some complexity can be solved

solely with general methods. These problems, however, require extensive use of procedures

such as estimation, about which we know very little. The protocols of experts and

intermediates do not seem to differ significantly on these problems. This supports the

conclusion that these general methods are accessible to both groups of subjects, and that the

organization of the knowledge structure required for solution of this type of problem is similar.

Without providing a detailed trace a solution of D.S. (physics expert) to a second

problem will be discussed. See Appendix D for a complete listing of the protocol. The problem

is as follows: "Fueled only by a two-ounce chocolate bar, how high can you climb if you can

turn it into muscular work with 20% efficiency?"

In Episode (1) of the protocol, the expert outlines the method he would like to use to

solve the problem, basically using the formula for potential energy. This corresponds to the

use of domain-specific pullers in the FERMI system. These pullers, however, would fail

because the expert does not know the energy content of a chocolate bar and knows no other

way of getting this necessary quantity. He then resorts to the general method of a series of

estimations. It is conjectured that his solution does not proceed exactly as it would if he were

without physics knowledge, as he still has access to and uses domain-specific pieces of

knowledge. He states in Episode (3) that he knows it takes 100 joules per second to stay alive

and then uses this number for comparison in Episode (5). Despite the fact that this subject is

using general method, he is still utilizing domain-specific knowledge.

This ability to access domain-specific knowledge while using general methods seems

to be an aspect of expertise. In addition, an expert's knowledge may initially guide the choice

of the general method. While intermediate or novice protocols were not collected for the

y A
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chocolate problem (or other physics problems), it would be interesting to make comparisons in

order to test these conjectures.

It was noted on the leaves problem (and other 'non-technical' problems) that expert and

intermediate solutions do not seem to differ significantly. However, it was conjectured that for

domain-related problems that expert/intermediate/novice differences would appear even when

general methods were being used. These differences would result from the differing degree to

which subjects could access domain-specific knowledge. This suggests further research into

the contribution of knowledge to general quantitative reasoning tasks. The question is whether

experts, intermediates, and novices differ in their approaches to solving problems when their

respective knowledge is inadequate. It is hypothesized that the answer to this question is

"yes," for several reasons. First, an expert's aborted attempt at a domain-specific method may

indicate a viable general method through the hierarchical organization of the methods. The

intermediate or novice problem solvers may not have a pointer to the knowledge structure in

this way. Secondly, even while using general methods experts still have access to domain-

specific pieces of knowledge not available to the novice or intermediate. Finally, knowledge

reflecting differing degrees of generality may be organized differently across levels of

expertise.
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Appendix A.

S.A. - COURIER PROBLEM:

At what distances,
well I think that a courier can't go very fast on a bicycle so the only real distance
that the courier could be faster on a bike would be if he didn't ride the bike.
If he just sat there and went like that [hits table].

But then you might, I don't know if you have to take the time to put the reel of
magnetic tape on the, on whatever the machinery is, to get the information,
if we're just passing the information from one place to another or if we're being
able to look at it at the same time.

This telephone line looks like it would probably get the information in a cluster
and be able to look at it, or hear it, pretty much simultaneously compared to
getting a reel of information and having to mount it onto some sort of device to
then have access to it.

So I would say a courier couldn't be faster.
But it says carrier it doesn't say interpret it.

-.. A lot of these things I think don't matter.

Well, pretty much faith in that answer.
I hope that I don't get kicked out of graduate school for this.

-.
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Appendix B.

S.A. - PIGEON PROBLEM:

I see what you're saying now, how fast does the pigeon recognize that the
shape is the target, and then how fast does the pigeon respond.
Okay.

Well, I guess it depends on how close to the lever, the pecking button, the
pigeon is.
And what the reinforcement is.
So it would depend on some things.
[writes down] Distance from the button,
I might be missing this completely.
What reinforcements has gotten in past.
And how long the stimulus on screen.

So I estimate the pigeon will peck on the button
Well I know these pigeon are very fast.
Okay, a half second.
And then, that's an upper estimate.
No, that's not an upper estimate Average
But I don't think the upper and lower limits are .ev iifferent.
Once the pigeon has learned
Oh, might be...

How much faith... Okay.

I
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Appendix C.

S.A. - LEAVES PROBLEM:

Well, the first thing that comes to my mind is that I would want to see a map of
the tree population on North America and how dense the trees are in certain
areas to be able to get a square mile estimate of trees.
And then I would want to know how many trees are in each square mile.
So, I guess, I don't know what I should be writing down on this piece of paper.
And I also know that some leaves don't lose their, some trees don't lose their
leaves, and other trees do.

So I would say that, I don't know how many squre miles there are in America.
But I would want to look at a map and say...
[draws an X and Y axis and then draws the shape of Michigan around those
lines]

This is a map of Michigan because that's where I was born.
200 miles times 400. 80,000 square miles.
So I'm trying to figure out how many square miles there are in Michigan.
And then I would want to know, that's an average state.

[multiplies 80,000 by 50]
Oh boy, so there's 4 million square miles in the United States.
But North America, that includes Canada too.
But a lot of that is above the tree line.

Now, so we'll double that and say there's 8 million rsquare miles in North
America].
And then how much of it has trees.
This is a map of the United States [draws a map of the United States].
This is Canada.
Tree line, probably goes like that.
Not a lot of trees over there [draws tree lines in Canada and Mexico].

So then I would say where do I think the biggest co;.glomerations of trees that
the leaves fall are there.
To achieve the number of square miles with trees.
Okay, I'd say about one third [visually she has marked off the top and bottom
thirds of the map of North America].

So one third of 8 million is 2,500,000 square miles.
So that's too much, because there's lakes and roads and cities and buildings
there too.
So I'd probably lower it down to 2 million miles, square miles.

But then there's mountains where there's not a lot and...
There's a high altitude that's above the treeline so let's see [reduces to 1.5
million sq. miles].
Then I can figure out how many trees in a square mile.

' - a
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Well the forest arournd the house that I lived in is a tree land. [inaudible.]
If I know how many trees are in a square mile I'd fit... How many trees would fit
in a square mile?
One mile has 5,280 feet [writes 5,280 ft. = 1 m.].
Let's see how many miles, I'm trying to think.
If a tree was about 2 feet wide.

And most trees are about 6 feet wide [writes down 6 feet apart].
Then if I had one mile that would be 8 feet.
Every 8 feet could have a tree.
So divide one mile, find out how many 8's that would [divides 5,280 by 8].
Is that true? Yeah, alright.
Every one mile you could have 660 trees. About 6 feet apart.
So now I'm saying if I space them out across the mile like this and say every 8
feet could have another tree, and how many quadrants [draws a square with 660
marked on each side and divides the square into quadrants].
So that would be 660 again.
So 660 squared.
So it would be like this, 660 this way and 660 that way, and everyone would
have a tree.
Alright. Maybe I can get a job for the forest service [squares 660].

So a square mile would have 435,000 trees and [inaudible].
[Multiplies 435,600 by 1.5 million.]
So there's 6-5-3-9-0-0 million trees.
Oh lord, and how many leaves do they have?
Well that's pretty random.
Let's see, a tree has a lot of branches [draws a tree with branchesi.
That'd probably have 500 to 1000 leaves on every branch of a tree. 8 to 10.
500, so I'll say every branch has 750 leaves on it.
And there's 8 to 10.
[Multiplies 750 by 9.] 6,750 leaves on a tree.
10,000, I think there's more [increases 6,750 to 10,000 but then crosses it out].

Whoops. [Multiplies 653900 million by 6750.] Alright, I figured it out [laughs].
That's the first part.
I didn't answer, that's a reasonable, that's a reasonable middle estimate. That's
a lot of leaves.
So we'd say more would be...

SE: I have more paper if you need it.

Oh well I think I'll just refer to my computer.
This is an average.
That's a lot of leaves.
But you know I have, what comes after a million? A billion, then a trillion.

have 4 trillion million leaves. But that's --

E: How many zero's?

I have 3 zeros on the million. [She has the number written as 4,393,025,000
million.]
So I have, you know like dollar signs.

Like this would be, that would be 9 zeros and then 7 more numbers. That's a lot.
So it's in the trillions of millions.



Back-of-the-envelope problems: Appendix C
J. L. Moore page 49

E: If it makes you feel any better that's very close to the answers everyone else
is giving. Which doesn't mean anything.

Well it's this is really good work for the forest service.
Alright, now when I wrote this number 0-0-0 and then million so you have to add
on the other million.
You can figure that out.
And then the lower number might be a couple of orders.

What is the question?
Lower estimate. We'll just add another zero.
5-2-8-3-9-3-4 [her answer written backwards] million.
And the lower would be... [Writes 439382500 million.]

E: How much faith do you have in your answer?

None. Okay, I'm done.

JAN
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Appendix D.

CHOCOLATE PROBLEM:

(1) Now, If either I knew the energy content by some conversion factor, energy content of a
chocolate bar or of chocolate generally, I could figure out how much energy there was
in that bar.
Then that'd be straight forward, I'd simply say that that energy's converted into potential

" . energy of climbing which would give me MGH for the potential energy.
The mass of person easily estimated, say it's 70 kilograms.
G is 10 in [?] units and H would then be the quantity to be found.
The answer would have to be divided by 5 because of the 20 percent efficiency.
And that would be that.

(2) So the method's fine provided I have a conversion factor, or I have some other
comparison.
I seem to have neither.
Is there any other way out?
No.

(3) The only thing I have to estimate, somehow I have to estimate how much enery there is
in this chocolate bar.
Any other sources of comparison?
Well maybe I could estimate it if I used one number I do know.
I would have to use approximately 100 joules per second to stay alive.

- . Okay.

14) Well I could tell how many joules for a whole day, but how do I compare that to the extra
muscular work...
Oh alright.
Okay, let's say that I have, that I guess from my everyday knowledge of food intake that
4 bars would give me life for a day.
So that means 4 bars would last me 24 hours.
So we have 24 hours time 60 minutes times 60 seconds.
And this gives me the number of seconds, so let's call that X seconds.

5) Oh, an easier way.
Ah, okay, how about this.

,-, 4 bars will keep me alive for an entire day with a rate of energy expenditure of 100
joules per second.

.6 Okay, now climbing would be probably 4 times, I probably expend 4 times my energy at
an average pace, but 4 times my energy than just staying alive "

Just guessing.
Perhaps, should I make it 5 times more energy than just staying alive"

h7\ Okay, so in other words.
Okay here we go.
4 bars keep me alive for a day.
Therefore, that same bar would keep me walking for only a fifth of that, or one and -i

Im " P
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hours.
Okay, however there's only 20 percent efficiency, oh wait, no that's fine.
Right.
One bar will keep me climbing for one and a fifth hours.
Alright.

(8) Now as to how high I could climb during that - where does the 20 percent efficiency
come in?
Oh, it doesn't come in anymore because I have assumed, I've assumed something else.
Simply that I've used 5 times more energy than just staying alive.
Okay which ... hum.. .so in fact I've gone a different way.

(9) So I c:n climb steadily for one and a fifth hours which is, let's call it 70 minutes, okay.
Now as to how high I can climb, I would be walking at, say, 3 kilometers, say, 4
kilometers per hour.
No, walking at 3 kilometers per hour but at the same time going upwards at only about a
sixth of that, if I'm lucky.
So that would be up at about half a kilometer every hour.
Okay, and we're going for just about an hour, Just over an hour.
So I'd say that I could go up about a half a kilometer, vertically.

• -I

f".-.

92 .



Dr. Phillip L. Ackerman Dr. Meryl S. Baker Dr. Jeff Bonar
University of Minnesota Navy Personnel R & D Center Learning R&D Center
Department of Psychology San Diego, CA 92152-6800 University of Pittsburgh
Minneapolis, MN 55455 Pittsburgh, PA 15260

Dr. Beth Adelson Dr. Eva L. Baker Dr. Gordon H. Bower
Department of Computer Science Ctr. for the Study of Evaluation Department of Psychology
Tufts University 145 Moore Hall, UCLA Stanford University
Medford, MA 02155 Los Angeles, CA 90024 Stanford, CA 94306

AFOSR, prof. dott. Bruno G. Bara Dr. Robert Breaux
Life Sciences Directorate Unita di ricerca di intelligenza artificiale Code N-095R

Bo!ling Air Force Base Universita di Milano Naval Training Systems Center
Washington, DC 20332 20122 Milano - via F Sforza 23 ITALY Orlando, FL 32813

Dr. Robert Ahlers Dr. William M. Bart Dr. Shirley Brice Heath
Human Factors Lab., Code N711 Dept. of Ed. Psych., 330 Burton Hall School of Education
Naval Training Systems Center 178 Pilsbury Dr., S.E. Stanford University
Orlando, FL 32813 Minneapolis, MN 55455 Stanford, CA 94305

Dr. Ed Aiken Leo Beltracchi Dr. John S. Brown
Navy Personnel R&D Center U. S. Nuclear Regulatory Comm. XEROX Palo Alto Research Center
San Diego, CA 92152-6800 Washington, DC 20555 3333 Coyote Hill Road

Palo Alto, CA 94304

Dr. John R. Anderson Dr. Mark H. Bickhard Dr. Ann Brown
Deartment of Psychology University of Texas Ctr for the Study of Reading
Carregie-Meilon University EDB 504 Ed. Psych 51 Gerty Drive, Univ of Illinois

* Pttsourgh. PA 15213 Austin, TX 78712 Champaign, IL 61280

Dr. James Anderson Dr. Gautam Biswas Dr. Bruce Buchanan
Brown University Department of Computer Science Computer Science Department
Center for Neural Science University of South Carolina Stanford University
Providence, RI 02912 Columbia, SC 29208 Stanford, CA 94305

Dr. Steve Andriole Dr. John Black Maj. Hugh Bums
George Mason U/Info Tech & Eng Teachers College, Columbia Univ. AFHRLIDE
4400 University Dr. 525 West 121st Street Lowry AFB, CO 80230-5000

- Fairfax, VA 22030 New York, NY 10027

Dr Gary Aston-Jones Dr. R. Darrell Bock Dr. Patricia A. Butler
Deot. of Biology, N.Y.U. University of Chicago, NORC OERI
10C9 Main Bldg., Washir'gton Sq. 6030 South Ellis 555 New Jersey Avenue, NW
New York, NY 10003 Chicago, IL 60637 Washington, DC 20208

Dr. Patri!ca Baggett Dr. Sue Bogner Dr. Joseph C. Campione
Dept. of Psych., Box 345 Army Research Institute, (PERI-SF) Ctr. for the Study of Reading
University of Colorado 5001 Eisenhower Avenue 51 Gerty Dr., Univ. of Illinois
Bculder, CO 80309 Alexandria, VA 22333-5600 Champaign, IL 61820



Joanne Capper Chair, Dept of Psych Dr. Charles Clifton
Center for Research into Practice Georgetown University Dept of Psych, Tobin Hall
1718 Connecticut Ave., N.W. Washington, DC 20057 University of Massachusetts
Washington, DC 20009 Amherst, MA 01003

Dr. Jaime Carbonell Chair, Dept of Psych Dr. Allan M. Collins
Carnegie-Mellon University George Mason University Bolt Beranek & Newman, Inc.
Department of Psychology Fairfax, VA 22030 50 Moulton Street
Pittsburgh, PA 15213 Cambridge, MA 02138

Dr. Susan Carey Dr. Fred Chang Dr. Stanley Collyer
Harvard Grad. School of Ed. Navy Personnel R&D Center Office of Naval Tech., Code 222
337 Gutman Library, Appian Way Code 51 800 North Quincy Street
Cambr'dge, MA 02138 San Diego, CA 92152-6800 Arlington, VA 22217-5000

* Dr Pat Carpenter Dr. Davida Charney Dr. William Crano
Carnegie-Mellon University English Department Department of Psychology
Department of Psychology Penn State University Texas A&M University
Pitlsburgh, PA 15213 University Park, PA 16802 College Stabon, TX 77843

LCDR Robert Carter Dr. Paul R. Chatelier Bryan Dallman
Office of the Chief of Naval OUSDRE 3400 -rWV/TTGXS
Operations, OP-01B, Pentagon Pentagon Lowry AFB, CO 80230-5000

. Washington, DC 20350-2000 Washington, DC 20350-2000

Chair Dr. Michelene Chi Dr. Laura Davis
Deot of Computer Sciences University of Pittsburgh, L.R.D.C. NRL/NCARAI Code 7510
U S. Naval Academy 3939 O'Hara Street 4555 Overlook Ave., S.W.
Annapolis, MD 21402 Pittsburgh, PA 15213 Washington, DC 20375-5000

Chair Dr. L. J. Chmura Defense Technical
Deoartment of Psychology Comp. Sci. and Syst. Branch Information Center (Attn. T. C.)
Towson State Unversity Naval Research Lab. Cameron Station, Bldg. 5
Tcwson, MD 21,204 Washington, DC 20375-5000 Alexandria, VA 22314 (12 copies)

. Chair. Deoartment of Mr. Raymond E. Christal Dr. Natalie Dehn
.• Computer Science AFHRL'MOE Dept. of Comp. and Info. Sc:ence

Towson State University Brooks AFB University of Oregon
Towson, MD 21204 San Antonio, TX 78235 Eugene, OR 97403

-Chair, Dept of Psych Dr. Yee-Yeen Chu Dr. Gerald F. DeJong
The Joins Hopkins Univers~ty Perceptronics, Inc. A.I. Grp., Coordinated Sci Lab.
Ba,;*more, MD 21218 21111 Erwin Street University of Illinois

Woodland Hills, CA 91367-3713 Urbana, IL 61801

Cha:r, Dect of Psych Dr. William Clancey Geory Delacote
Cc ege of Arts and Sciences Knowledge Syst. Lab., Stanford U. Dir. de L'info. Sci. et Tech., CNRS
Ca:.Io.c University of America 701 Welch Rd., Bldg. C 15, Quai Anatole France
Washington, DC 20064 Palo Alto, CA 94304 75700 Paris FRANCE

02



Department Dr. Richard Duran Dr. Paul Feltovich
of Computer Science School of Education So Illinois Univ, Sch of Med
Naval Postgraduate School University of California Med Educ Dept, P.O. Box 3926

Monterey, CA 93940 Santa Barbara, CA 93106 Springfield, IL 62708

Dr. Sharon Derry Dr. John Ellis Mr. Wallace Feurzeig
Department of Psychology Navy Personnel R&D Center Ed Tech Ctr, Bolt Beranek & Newman
Florida State University San Diego, CA 92252 10 Moulton Street
Tallahassee, FL 32303 Cambridge, MA 02238

Director Dr. Susan Embretson Dr. Gerhard Fischer
Manpower and Personnel Lab University of Kansas Department of Psychology
NPRDC (Code 06) Psych. Dept., 426 Fraser University of Colorado

San Diego, CA 92152-6800 Lawrence, KS 66C45 Boulder, CO 80309

Director Dr. Randy Engle Fleet Support Office,
Training Laboratory Department of Psychology NPRDC (Code 301)

* NPRDC (Code 05) University of South Carolina San Diego, CA 92152-6800
San Diego, CA 92152-6800 Columbia, SC 29208

- Director, Human Factors Dr. Susan Epstein J. D. Fletcher
& Organizational Systems Lab Hunter College 9931 Corsica Street
NPRDC (Code 07) 144 S. Mountain Avenue Vienna, VA 22180

San Diego, CA 92152-6800 Montclair, NJ 07042

Dr, Andrea A. diSessa ERIC Facility Dr. Linda Flower
Schiool of Education, EMST Acquisitions Carnegie-Mellon University

- University of California 4833 Rugby Avenue Department of English
Berkeley, CA 94720 Bethesda, MD 20014 Pittsburgh, PA 15213

1

Dr. R. K. Dismukes Dr. K. Anders Ericsson Dr. Kenneth D. Forbus
Assoc:ate Director for Life Sc:ences University of Colorado Dept of Comp Sci, U of Illinois
AFCSR. Bolr'g AFB Department of Psychology 1304 West Springfield Avenue
Wasn:r'g:on, DC 20332 Boulder, CO 80309 Urbana. IL 61801

Cr Seonanre Doan Dr. Jean Claude Falmagne Dr. Barbara A. Fox
Czde 602! Department of Psychology University of Colorado
N Naval Air Develoorrent Center New York University Department of Linguistics

" Warminster, PA 18974-5000 New York, NY 10003 Boulder, CO 80309

Dr. Emanuel Donchin Dr. Beatrice J. Farr Dr. John R. Frederiksen
Universty of linols Army Research Institute Bolt Beranek & Newman
Deoartment of Psychology 5001 Eisenhower Avenue 50 Moulton Street
Champaign, I1 61820 Alexandria, VA 22333 Cambridge, MA 02138

Dr Thomas M. Duffy Dr. Pat Federico Dr. Norman Frederiksen
Communications Design Center Code 511 Educational Testing Service

CMU, Schenley Park NPRDC Princeton, NJ 08541
Pittsburgh, PA 15213 San Diego, CA 92152-6800

S- " . - -. --. --. %

,.' .'. -,.' ,. -'.,.o.... - .. ,,,, .. ;. - . - .. - ., - , , % ., .- . ,. J - " ,- - " .• .,,, ." z ,=,'= 
-

.,.' , ,',.' ..



Dr. Michael Fnendly Dr. Wayne Gray Professor John R. Hayes
Psych Dept, York University Army Research Institute Carnegie-Mellon University
Toronto Ontario 5001 Eisenhower Avenue Dept of Psychology, Schenley Park
CANADA M3J 1P3 Alexandria, VA 22333 Pittsburgh, PA 15213

Julie A. Gadsden Dr. James G. Greeno Dr. Barbara Hayes-Roth
Info Tech and Applications Div School of Education Dept of Computer Science

* Admiralty Research Est Stanford University Stanford University

Portsdown, Portsmouth P06 4AA U.K. Stanford, CA 94305 Stanford, CA 94305

Dr. Michael Genesereth Dr. Dik Gregory Dr. Frederick Hayes-Roth
- Stanford University Behavioral Sciences Division Teknowledge

Computer Science Department Admiralty Research Est. 525 University Avenue

Stanford, CA 94305 Teddington, Middlesex ENGLAND Palo Alto, CA 94301

Dr. Dedre Gentner Dr. Gehard Grossing Dr. Joan I. Heller

Dept of Psych, U of Illinois Atominstitut 505 Haddon Road

603 E Daniel Street Schuttelstrasse 115 Oakland, CA 94606
Champaign, IL 61820 Vienna, AUSTRIA a-i020

Dr. Robert Glaser Prof. Edward Haertel Dr. Jim Hollan
University of Pittsburgh, LRDC School of Education Intelligent Systems Group

3939 O'Hara Street Stanford University Inst for Cog Sci (C-01 5), UCSD
Pitsburgn, PA 15260 Stanford, CA 94305 La Jolla, CA 92093

Dr. Arthur M. Glenberg Dr. Henry M. Halff Dr. Melissa Holland

WJ Brcgden Psych Bldg Halff Resources, Inc. ARI for the Behavioral and Soc Sci

1202 W Johnson St, U of Wisconsin 4918 33rd Road, North 5001 Eisenhower Ave.

Madison, WI 53706 Arlington, VA 22207 Alexandria, VA 22333

Dr. Sam Glucksberg Dr. Ronald K. Hambleton Dr. Keith Holyoak

Dept of Psych, Green Hall Prof of Ed and Psych Human Performance Center

* Princeton University U of Mass at Amherst, Hills House U of Michigan, 330 Packard Rd.

Princeton, NJ 08540 Amherst, MA 01003 Ann Arbor, MI 48109

Dr. Ssan Goldman Steve Harnad. Editor Ms. Julia S. Hough

University of California The Behavioral and Brain Sciences Lawrence Erlbaum Associates

* Santa Barbara, CA 93106 20 Nassau Street, Suite 240 6012 Greene Street
Pnnceton, NJ 08540 Philadelphia, PA 19144

Dr. Sherre Gott Dr. Wayne Harvey Dr. James Howard, Dept of Psych
AFHRL MOJ SRI International Human Performance Lab.

Brooks AFB, TX 78235 333 Ravenswood Ave, Rm B-$324 Catholic University of America
Menlo Park, CA 94025 Washington, DC 20064

Cr T Govincaral Dr, Reid Hastie Dr. Ear Hunt

Georgia Inst tute of Technology Northwestern University Department of Psychology

Scn of Industrial & Syst Eng Department of Psychology University of Washington

Atlanta. GA 30332 Evanston, IL 60201 Seattle, WA 98105

"-"-



Dr. Ed Hutchins Dr. Douglas A. Jones Dr. Peter Kincaid
Intelligent Systems Group Thatcher Jones Assoc. Training Analysis & Eval Group
Inst for Cog Sci (C-015), UCSD P.O. Box 6640, 10 Trafalgar Ct. Department of the Navy
La Joila, CA 92093 Lawrenceville, NJ 08648 Orlando, FIL 32813

Dr- Barbara Hutson Dr. Marcel Just Dr. Walter Kintsch
Virginia Tech Graduate Center Carnegie-Mellon University Dept of Psych, Campus Box 345
2990 Telestar Ct. Dept of Psych, Schenley Park University of Colorado
Falls Church, VA 22042 Pittsburgh, PA 15213 Boulder, CO 80309

Dr. Barbel Inhelder Dr. Daniel Kahneman Dr. David Klahr
University of Geneva The U of BC, Dept of Psych Carnegie-Mellon University

- Geneva SWITZERLAND 12U-4 .154-2053 Main Mall Dept of Psych, Schenley Park
Vancouver, BC CANADA V6T 1Y7 Pittsburgh, PA 15213

Dr. Dillon Inouye Dr. Ruth Kanfer Dr. Mazie Knerr
WICAT Education Institute Dept of Psych, Elliot Hall Training Research Div, HumRRO
Provo, UT 4057 75 E River Rd, U of Minnesota 1100 S. Washington

Minneapolis, MN 55455 Alexandria, VA 22314

Dr. Alice Isen Dr. Mary Grace Kantowski Dr. Janet L. Kolodner
' Department of Psychology University of Florida, Math Ed Georgia Institute of Technology

University of Maryland 359 Norman Hall School of Info & Comp Sci
Catonsville, MD 21228 Gainesville, FL 32611 Atlanta, GA 30332

Dr. Robert Jannarone Dr. Milton S. Katz Dr. Stephen Kosslyn
Department of Psychology Army Research Institute Harvard U, 1236 William James Hall
University of South Carolina 5001 Eisenhower Avenue 33 Kirkland St.
Columbia, SC 29208 Alexandria, VA 22333 Cambridge, MA 02138

Dr. Claude Janvier, Directeur, CIRAI Dr. Frank Keil Dr. Kenneth Kotovsky. Debt of Psych
Universite' du Quebec a Montreal Department of Psychology Comm Coil of Allegheny Co
Montreal, Quebec H3C 3P8 Cornell University 800 Allegheny Avenue
CANADA Ithaca, NY 14853 Pittsburgh, PA 15233

Dr Robin Jeffries Dr. Wendy Kellogg Dr. David H. Krantz
Hewlett-Packard Laboratories IBM r. J. Watson Research Center 2 Washington Square Village
P.O. Box 10490 PO. Box 218 Apt. #15J
Pa!o Alto, CA 94303-0971 Yorktown Heights, NY 10598 New York, NY 10012

"; Dr. Robert Jernigan Dr. Dennis Kibler Dr. Benjamin Kuipers
* Decision Resource Systems Dept of Info and Comp Sci U of TX at Austin, Dept of Comp Sci

5595 Vantage Point Road University of California T.S. Painter Hall 3.28
,-f. Columbia, MD 21044 Irvine, CA 92717 Austin, TX 78712

Margaret Jerome Dr. David Kieras Dr. David R Lambert
,= co Dr. Peter Chandler Tech Comm, Coil of Engineering Naval Ocean Syst Ctr, Code 41 !T

83, The Drive 1223 E. Engineering Bldg. U of MI 271 Catalina Boulevard
Hove, Sussex UNITED KINGDOM Ann Arbor, MI 48109 San Diego, CA 92152-6800

--



Dr. Pat Langley Dr. Clayton Lewis Dr. Barbara Means

Dept of Info & COmp Sci Dept of Comp Sci, Campus Box 430 Human Resources Research Org

University of California University of Colorado 1100 South Washington

Irvine, CA 92717 Boulder, CO 80309 Alexandria, VA 22314

Dr. Marcy Lansman Library Dr. Douglas L. Medin

U of NC, Davie Hall 013A Naval Training Systems Center Dept of Psych, U of Illinois

The L.L. Thurstone Lab. Orlando, FL 32813 603 E. Daniel Street

Chapel Hill, NC 27514 Champaign, IL 61820

Dr. Jill Larkin Library, NPRDC Military Asst for Training

Carnegie-Mellon University Code P201 L & Personnel Tech, OUSD (R & E)

* Department of Psychology San Diego, CA 92152-6800 Room 3D1 29, The Pentagon

Pittsburgh, PA 15213 Washington, DC 20301-3080

Dr. Jean Lave Dr. Jane Malin Dr. George A. Miller
School of Social Sciences Mail Code SR 111 Dept of Psych, Green Hall
University of California NASA Johnson Space Center Princeton University

Irwne, CA 92717 Houston, TX 77058 Pnnceton, NJ 08540

% Dr. Robert Lawler Dr. William L. Maloy Dr. William Montague

infcrmat:on Sc:ences, FRL Chief of Naval Education NPRDC Code 13

GTE Laos. Inc.. 40 Sylvan Road and Training, Naval Air Station San Diego, CA 92152

Waitham, MA 02254 Pensacola, FL 32508

Dr. Alan M Lesgold Dr. Sandra P. Marshall Dr. Allen Munro

University of Pittsburgh, LRDC Department of Psychology Behavioral Tech Labs - USC
339 O'Hara Street San Diego State University 1845 S. Elena Avenue. 4th Floor

P,nsturgh, PA 15260 San Diego, CA 92182 Redondo Beach, CA 90277

N Dr jim Levin Dr. Manton M. Matthews Dr. AllenNewell

Ceot cf Ed Psych. 210 Ec Bldg Department of Computer Science Carnegie-Melon University

1310 So Sixth St University of South Carolina Dept of Psych, Schenley Par,

Ciampaign, IL 61810-6990 Columbia, SC 29208 Pittsburgh, PA 15213

" Cr Jonn Levr'e Dr. Richard E. Mayer Dr. Richard E. Nisbett

Uriversity of PttSburgn, LRDC Department of Psychology University of Michigan

3939 O'Hara Street University of California Inst for Social Research, Rm 5251

P.!smurgn, PA 15260 Santa Barbara, CA 93106 Ann Arbor, Ml 48109

Dr. Micnael Lev.ne Dr. Joe McLachlan Dr Mary Jo Nssen

Ed Psychi. 210 Education 8;g Navy Personnel R&D Center Unversty of Minnesota

',versty f blncs San Diego, CA 92152-6800 N218 E!liott Hall
Cvasira of Ill61820 Minneapolis. MV 55455

Criampaign, IL612

'Mat Lewis Dr. James McMichael Dr Haroid F O'Nel, Jr

Department of Psychology Assistant for MPT Research, School of Ed. WPH 8C'

Carnegie-Mellon University Dev, and Studies, OP-0187 Dept of Ed Psycn & Tech - USC

P'ttsburgh, PA 15213 Washington, DC 20370 Los Angeles, CA 90089-0031

%.-.- 
V.. -..



V/
Dr. Michael Oberlin Dr. Virginia E. Pendergrass Dr. Joseph Psotka
Naval Training Systems Center Code 711 ATTN: PERI-1C
Code 711 Naval Training Systems Center Army Research Institute
Orlando,.L38370 Orlando, FL 32813-7100 5001 Eisenhower Avenue

Office of Naval Researc" Dr. David N. Perkins Psychologist
Code 1142 Educational Techno!ogy Center Office of Naval Research

800 North Quincy Street 337 Gutman Library, Appian Way Branch Office, London, Box 39
* Arington, VA 22217-5000 Cambridge, MA 02138 FPO New York, NY 09510

Office of Naval Researcr Dr. Nancy Perry, Chief Psychologist
Code 1133 Naval Ed. and Training, Code 00A2A Office of Naval Research

800 North Quincy Street Naval Station Pensacola Liaison Office, Far East
Arlington, VA 22217-5000 Pensacola, FL 32508 APO San Francisco, CA 96503

Dr. Stellan Ohlsson Dr. Steven Pinker Dr. Lynne Reder
University of Pittsburgh, LRDC Deparment of Psychology Department of Psychology
3939 O'Hara Street E10-018, MIT Carnegie-Mellon University
Pittsburgh, PA 15213 Cambridge, MA 02139 Schenley Park

Dr. Judith Orasanu Dr. Tjeerd Plomp Dr. James A. Reggia
Army Research institute Twente U of Tech, Dept of Ed Sch of Med, Dept of Neurology
5001 Eisenhower Avenue P.O. Box 217, 7500 AE ENSCHEDE 22 So Greene St, U of Maryland
Alexandra, VA 22333 THE NETHERLANDS Baltimore, MD 21201

Professor Seymour Papert Dr. Martha Poison Dr. Frederick Reif
200-109 Dept of Psych, Campus Box 346 Physics Department

- Mrr University of Colorado University of California
Camoridge, MA 02139 Boulder, CO 80309 Berkeley, CA 94720

,Dr. James Paulson Dr. Peter Poison Dr. Lauren Resnick
r-et of Psych, Porland State U University of Colorado University of Pittsburgh, LRDC

P 0 BCx 751 Department of Psychology 3939 O'Hara Street
Por-and, OR 97207 Boulder, CO 80309 Pittsburgh, PA 15213

Dr Roy Pea Dr. Steven E. Poltrock Dr. Gil Ricard
Bar'k Street Co!!ege of Education MCC, Echelon Bldg .1 Mail Stop C04-14
6- West -2h Street 9430 Research Blvd Grumman Aerospace Corp.
New York, NY 10025 Austin, TX 78759-6509 Bethpage, NY 11714

.-.,

Dr. Doug!as Pearse Dr. Harry E. Pople Mark Richer
DCEM U of Pittsburgh, Decision Syst Lab 1041 Lake Street
Box 2000 1360 Scaife Hall San Francisco, CA 94118
Downsvew, Ontario CANADA Pittsburgh. PA 15261

Dr. James W. Pellegrino Dr. Mary C. Potter Dr. Mary S. Riley
Deciartment of Psychology Department of Psychology Program in Cognitive Science
University of California MIT (E-10-032) Ctr for Human Info Processing. UCSD
Santa Barbara, CA 93106 Cambridge, MA 02139 La Jolla, CA 92093

., ,,4 '." ' ..,,.. .,,... . ,.; -"-'---", . ,, .'. -. ,,. .- . .' " '.' ". .- -. .-,. '.....- . ..,.



Dr. Linda G. Roberts, Sci, Ed, Dr. Judith Segal Special Asst for Marine
& Trans Prog, Tech Assessment OERI Corps Matters, ONR Code 0OMC

Congress of the United States 555 New Jersey Avenue, NW 800 North Quincy Street
Washington, DC 20510 Washington, DC 20208 Arlington, VA 22217-5000

Dr. William B. Rouse Dr. Sylvia A. S. Shafto Dr. Kathryn T. Spoehr

Search Technology, Inc. Department of Computer Science Brown University
25-b Tecnnology Park, Atlanta Towson State University Department of Psychology
Norcross, GA 30092 Towson, MD 21204 Providence, RI 02912

Dr David Rumeihart Dr. Ben Shneiderman Dr. Robert Sternberg

Ctr for Human Info. Processing Department of Computer Science Dept of Psych, Yale University
. University of California University of Maryland Box 11 A, Yale Station

" La Jolla. CA 92093 College Park, MD 20742 New Haven, CT 06520

Dr. Roger Schank Dr, Lee Shulman Dr. Albert Stevens

* ' Comp Sci Dept, Yale University Stanford University Bolt Beranek & Newman, Inc.

P.O. Box 2158 1040 Cathcart Way 10 Moulton Street

New Haven, CT 06520 Stanford, CA 94305 Cambridge, MA 02238

Dr, Walter Schneider Dr. Robert Siegler Dr. Thomas Sticht

", University of Pittsburgh, LRDC Carnegie-Mellon University Navy Personnel R&D Center

3939 O'Hara Street Dept of Psych, Schenley Park San Diego, CA 92152-6800
P+tsburgh, PA 15260 Pittsburgh, PA 15213

Dr. Alan H. Schoenfeld Dr. Derek Sleeman Dr. John Tangney

Department of Education, EMST Stanford University AFOSRINL
University of California School of Education Boiling AFB, DC 20332
Berkeley, CA 94720 Stanford, CA 94305

Dr Janet Schofield Dr. Edward E. Smith Dr. Kikumi Tatsuoka
- University of Pittsburgh, LRDC Bolt Beranek & Newman, Inc. CERL

3939 O'Hara Street 50 Moulton Street 252 Engineering Research Lab.

P-nsourgn, PA 15260 Cambridge, MA 02138 Urbana, IL 61801

Karen A. Scn river Dr. Richard E. Snow Technical Director, ARI

De" -!rneent of English Department of Psychology 5001 Eisenhower Avenue

Carneg;e-Meilon University Stanford University Alexandra, VA 22333
Piscurgn, PA 15213 Stanford, CA 94306

Dr JuCah L. Scnwarz Dr. Elliot Soloway Dr. Perry W. Thorndyke
Comp Sci Dept, Yale University FMC Corp., Central Engineerrg Labs

2CC-120 P 0. Box 2158 1185 Coleman Avenue, Box 580

* CambriCe, MA 02139 New Haven, CT 06520 Santa Clara, CA 95052

Cr Mac Secrechts Dr Richard Sorensen Professor Chu Tien-Cnen

Deoarlrnent of Psycholcgy Navy Personnel R & D Center Mathematics Deoartment

Weseyan Uriversity San Diego, CA 92152-6800 National TaIwan Uniersity
M cddeown, CT 06475 Taipei TAIWAN

'

--. ,.-

-a,. P A ...



1 -I

Dr. Douglas Towne Dr. Robert A. Wisher
Behavioral Technology Labs Army Inst. for the Beh. and Soc. Sci.
1845 S. Elena Avenue 5001 Eisenhower Avenue
Redondo Beach, CA 90277 Alexandria, VA 22333

Dr. Kurt Van Lehn Mr. John H. Wolfe
Carnegie-Mellon University Navy Personnel R & D Center

SDept of Psych, Schenley Park San Diego, CA 92152
*-' Pinsburgh, PA 15213

Dr. Beth Warren Dr. Wallace Wulfeck, III
Bolt Beranek & Newman, Inc. Navy Personnel R & D Center
50 Moulton Street San Diego, CA 92152-6800
Cambridge, MA 02138

Dr, Donald Weitzman Dr. Joe Yasatuke
MITRE AFHRL/LRT
1820 Doley Madison Blvd. Lowry AFB, CO 80230
MacLean, VA 22102

Dr. Keith T. Wescourt Dr. Masoud Yazdani
FMC Corp, Central Engineering Labs Department of Computer Science
1185 Coleman Ave, Box 580 University of Exeter
Santa Clara, CA 95052 Exeter EX4 4QL Devon, ENGLAND

Dr. Douglas Wetzel Mr. Cad York
Code 12 System Development Foundation
Navy Personnel R&D Center 181 Lytton Avenue, Suite 210
San Diego. CA 92152-6800 Palo Alto, CA 94301

Dr. Barbara White Dr. Joseph L. Young
Bolt Beranek & Newman, Inc. Memory & Cognitive Processes
10 Moulton Street National Science Foundation
Camoridge, MA 02238 Washington, DC 20550

Dr. Christopher Wickens
Department of Psychology
University of illinois
Champaign, IL 61820

Dr. Heather Wild
Naval Air Development Center
Code 6021Warminster, PA 18974-5000

Dr. Mchael Williams
lnteihCorp
1975 El Camino Real West

V , Mountain View, CA 94040-2216

O%



a .

. . . . . .

" 0nm

'. ..
j

~%-*

0, -",,3 V, U ,. 0 ,.6,,i, , V. , U. ,V . .. . V S, .. *" ..... 3, . .


